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Abstract: This study analyses the funding contract duration of microcredit loans in 

Portugal from 1999 to 2008, using a data file from the Portuguese Microcredit 

Association that overseas all microcredit actions. A survival model is used to analyse 

which characteristics are associated with the duration of the contract, taking into 

account the uncontrolled heterogeneity of the data. Policy implications are derived for 

improving the understanding and management of the duration of microcredit funding 

contracts. 
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1. Introduction 

Microcredit has become an important policy to combat poverty through the market, 

encouraging private-sector activity. Poverty remains a major social and political issue at 

World level and the banking system has tended to ignore the low end of the market for 

businesses loans, meaning that microcredit is a way out of this dead end. In developing 
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countries, the microcredit loans are based in non-governmental organizations and 

cooperatives at a level below the formal banking system, (Armendariz de Aghion and 

Morduch, 2000) but in developed countries the microcredit loans are based in the 

formal banking system supported by non-governmental organizations, Jayo et al. 

(2009).  Therefore, microcredit organizations exist both in underdeveloped countries 

(Jones, 2008; Gutierrez-Nieto, 2006) and in developing countries, Nader (2008). The 

present study analysis microcredit loans in Portugal from 1999 to 2008, using an 

administrative data file from the Microcredit Association to estimate survival models 

that explain the duration of the loans, based in covariates.  

 

The motivation for the present research is the following. First, the duration of the 

microcredit loans delivered from formal banks tend to follow the norm applied to the 

upper level of the credit market, and this tendency harms low level loans. Therefore, the 

investigation of the duration is of paramount importance to identify the covariates of the 

loans which survive. Second, survival models have proven to be particular suited to the 

modeling and analysis of duration events. Although the usefulness and reliability of 

survival modeling for predicting duration events has been recognized, their application 

to microcredit is unknown. Third, it is important, for policy purposes, to investigate how 

microcredit borrowers react to the duration of their loans.  

 

This article contributes to the relevant literature, by analyzing the determinants of loan 

duration, in this instance of Portuguese microcredit borrowers, enlarging the research on 

microcredit (Armendariz de Aghion and Morduch 2005). It also adds to the very limited 

research of microcredit in European countries (Jones 2008; Gutierrez-Nieto, 2006; 

Hollis and Sweetman, 1998). Finally, it compares different specifications for survival 
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models and demonstrates that the Weibull specification enables the survival model to 

best represent the observed duration (Chesher 1984 and Chesher and Santos Silva, 

2002).   

 

Our model allows the identification of significant statistical variables that explain the 

duration of the loan. The value of such research is twofold. First, it facilitates 

comparison with alternative research on microcredit which has adopted regression 

models (Copestake et al., 2001). Second, it could contribute to improve policy 

formulation in the microcredit industry. As the duration is such a fundamental feature of 

microcredit loans, a more adequate policy can be more effectively developed and 

microcredit resources can be more appropriately deployed.  

 

The general conclusions are: (i) the duration of microcredit loans are influenced by 

specific characteristics of each microcredit borrower and vary according to the amount 

of the loan; (ii) the duration changes according to certain market characteristics. 

Therefore, policies based in an assumption of homogenous microcredit borrowers may 

be ineffective or inappropriate.  

 

The remainder of the article is organized as follows. Section two presents the literature 

review. In section three, we describe some relevant information about microcredit in 

Portugal. Section four and five explain, respectively, the methodology applied and the 

hypothesis tested. Section six explains the data and section seven presents the results. 

Section eight discusses the results and, finally, section nine concludes.  

 

2. Literature Review 
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2.1. Microcredit: the concept and the mechanism 

 

Microcredit was born in the second half of the 1970s when Muhammad Yunus created 

the Grameen Bank, which in 1978 started providing microcredit to poor households in 

rural areas in Bangladesh, previously excluded by the formal financial sector, without 

any collateral and charging market interest rates. With little money, people were able to 

manage a small business. In the lending model of the Grameen Bank, borrowers sort 

themselves into small groups of a handful of people. Few members of this small groups 

get loans. If they repay on time, a next subset of members gets loans, and so on. The 

process continues, with members of each group taking loans, as long as performance is 

satisfactory. When a member defaults, all members of the group are barred from 

borrowing in the future. This mechanism allows microfinance programs to generate 

high repayment rates, even from clients that had traditionally been thought to be too 

risky and too poor to offer collateral. 

 

This mechanism is behind the success of group lending as described by Stliglitz (1990), 

Varian (1990), Besley and Coate (1995), Morduch (1999) and Armendáriz and Gollier 

(2000). The mechanism transfers screening and monitoring costs from banks to 

borrowers, providing banks with an effective way to overcome adverse selection 

(Gangopadhyay et al. 2005; Ghatak 2000; Laffont and N’Guessan 2000), moral hazard 

(Chowdhury 2005), enforcement problems and contributes to solve the asymmetric 

information problems that are inherent to the absence of collateral (Bester 1994; Cressy 

1995). This mechanism avoids the argument that the poor are not creditworthy (Turvey 

and Kong 2008) 
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The number of  microcredit and microfinance institutions also grew strongly in the 

developing world, providing benefits in terms of rural entrepreneurship, growth, income 

enhancement, poverty reduction and increased food security and livelihoods (Hartarska 

and Holtmann 2006; Meyer and Nagarajan 2006; Zeller 2006). Microcredit provides 

another approach: a non-collateral economy, different to the collateral based credit-

rationing model of Stliglitz and Weiss (1981) (conventional economic models). 

 

At the end of 2006, microfinance programs around the world reached 113 million 

borrowers and, among them, 82 million living in severe poverty conditions. Data 

collected from 200 microcredit finance institutions throughout the world, shows that the 

average loan loss was only 1% in 2005.  

 

2.2. From the early experience to the present 

 

There are several studies reporting the results of microcredit programs carried out by 

government and non-government agencies in developing countries. Panjaitan-

Drioadisuryo and Cloud (1999), Amin, Ray and Topa (2003), Copestake, Bhalotra and 

Johnson (2001) and Nader (2008) conclude that microcredit programs greatly increases 

the repayment rates and substantially improves the well-being of poor families. There 

have been numerous attempts to assess the impact of these programs on a variety of 

outcomes (Pitt and Khandker, 1998, Morduch, 1998, and others ), but there has been 

little research on how well targeted modern microcredit programs actually are. 

 

Microfinance programs are growing in number and size in transition economies. In the 

early 1990s, programs of microcredit have been established in economies as diverse as 
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China, Albania, Russia, Poland, Romania, Bulgaria, Slovakia, and other Eastern 

European countries. The main objective of these programs is to raise incomes and 

broaden financial markets by providing financial services (mainly credit) to small-scale 

entrepreneurs who otherwise would lack access to capital markets. Some of the 

programs have primarily social missions, focusing on outreaching women and 

measuring success in terms of poverty alleviation. Other programs aim to promote 

private sector activity in terms of unemployment and under-employment. As transition 

economies undergo structuring, microfinance has been put forward as a flexible tool to 

help individuals exploit new opportunities (Armendáriz and Morduch, 2000). 

 

It is important to note that, in the 1990s, microcredit programs contrast with the earlier 

credits, namely in being more demand-driven, charging higher interest rates, controlling 

costs, and emphasizing savings mobilizations as a prerequisite for sustainable credit 

provision (Otero and Rhyne 1994; Morduch 1999). 

 

As microcredit is not only provided in poor countries and transition economies, the 

concept spread throughout the Globe, reaching developed countries, such as the USA 

and some European countries. The median amount of the loans is higher than in less 

developed countries, but the basic concept is the same, that is, microcredit is used as a 

way of breaking the poverty cycle. However, in developed countries, microcredit 

programs have generally not succeeded because of difficulties related to reaching the 

targeted market segment, the high risk profile of potential clients, their general distaste 

for the joint liability requirement and high overhead costs. 
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In Western Europe, the development of microcredit is relatively recent (with the 

exception of United Kingdom and France, which started at the end of the 1980s). 

Microcredit has developed in a variety of forms, including specialized banks, 

downscaled commercial banks, credit cooperatives and non-profit associations. The 

European Commission sees microcredit and microfinance as important to promote 

innovation, employment and social inclusion. Financing micro firms is important for 

economic growth, has impact on employment and contributes both to wellbeing and 

social cohesion. 

 

3. Contextual setting: Microcredit in Portugal 

In Portugal, the association that deals with microcredit, the “Associação Nacional de 

Direito ao Crédito” (ANDC) envisages to enhance the social insertion and the autonomy 

of people with financial difficulties or in a situation of exclusion, through economic 

initiative. ANDC was created in 1998, as a non-profit organization. It signed 

agreements with three banks, which provide the microloans to the potential micro 

entrepreneurs approved by ANDC. 

 

ANDC defines microcredit as a small loan to people that don’t have access to banking 

loans, but do want to develop an activity on their own and present some personal 

conditions and abilities which may anticipate the success of their project. Microcredit 

doesn’t refer only to the microloan itself, but also to some activities of consultancy, as 

the preparation of the dossier of the project to get the loan and, afterwards, the 

assistance in some difficulties that might occur. 
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The process to obtain a micro loan follows the following steps. First, the candidate 

contacts ANDC. Second, ANDC fills in a form with some information, including name 

of the candidate, date of first contact, date of birth, nationality, proposed business, 

amount of the loan the candidate is applying for and previous experience in the planned 

business. Then, if eligible, the ANDC Credit Commission analyzes it and writes a 

proposal that is sent to one of the banks with which it has signed agreements. This 

proposal adds some relevant information about the candidate: education, marital status, 

number of children. It contains also a more detailed project and the agent’s opinion 

about the feasibility of the project. 

 

The maximum amount for a microloan in Portugal is, presently, ten thousand Euros.  

The interest rate for these credit operations is based on the Euribor plus a spread (now, 

2%).The companies created by micro entrepreneurs that received a microloan within 

this framework are spread among different areas of business. Most of them are related 

to food business: familiar shops, bars and restaurants which, put together, represent 

around 24% of the total number of micro businesses created in Portugal. Considering 

economic activities in more detail, cloth related business (small shops) is the most 

representative activity in terms of number of firms created. 

Insert Table 1 – business 

 

Portugal is divided in 18 districts; the most important of them are Lisbon and Oporto. 

The micro firms created are located mainly in these two districts.  

Insert Table 2 – location 

 

 

Microcredit activities gave rise to more than one thousand jobs at the moment of the 

creation of the micro enterprises, more precisely 1461 jobs. In 2008 (until November), 
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225 new jobs were created. In the ten years of its existence, the total amount of 

microloans represented more than four and a half million euros. The average amount of 

a microloan in Portugal, in these ten years, was around 4500 euros, which rose to almost 

6000 euros in 2008.  

Insert Table 3 - statistics 

Concerning the origin of micro entrepreneurs in Portugal, it’s not surprising finding 

that, after Portuguese micro entrepreneurs, that represent 85% of total, most of them 

come from Africa, mainly from Angola, Cape Verde and Saint Tome and Prince. All the 

three countries were Portuguese colonies till 1975 and, since the decolonization in the 

seventies, Portugal received a large number of people from these previous colonies that 

now live and work in Portugal.  

Insert table 4 – Origin 

The level of education of micro entrepreneurs is very different. In Table 5, we used the 

International Standard Classification of Education (I S C E D 1997), which provides an 

integrated and consistent statistical framework for the collection and reporting of 

internationally comparable education statistics. There is a small number without any 

level of education, mainly women. However, this difference almost disappears in the 

remaining levels of education. Education level 3 and 4 concentrate 50% of micro 

entrepreneurs. Finally, it is important to note that near 15% of the entrepreneurs have 

university levels of education. 

Insert Table 5 - Education 

Although micro entrepreneurs in Portugal are mainly women (53%), the difference is 

not as large as in some other countries. In average, the age of a micro entrepreneur is 38 

years, both for men and women. 
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For all micro entrepreneurs that have received a microloan, ANDC monitors the 

development of the project during three years, i.e., the usual duration of the loan. 

During this period, the agent monitoring the project writes periodic reports about the 

project status: first, if the project is ongoing or closed; second, if the payments have 

been made on time or otherwise,  and some comments on his personal opinions about 

the micro entrepreneur. After the end of the loan, ANDC does not monitor the project 

any longer.  

 

4. Methodology 

In this study, duration of funding contracts of microcredit borrowers is analysed using 

survival models. Survival models, also known as duration models, measure the duration 

of an event, defined as the time elapsed until a certain event occurs. The use of survival 

models to model time is based on the fact that the distribution of the error in this context 

is traditionally skewed to the right (Hosmer and Lemeshow, 1999).  

 

Three issues must be addressed when using survival models: first, the identification of 

the data set, i.e., cross-section vs. panel data; second, the censoring of the data; and 

finally, the heterogeneity of the population analysed. In relation to the first issue, the 

present paper adopts a panel data, and therefore invariant models, known as non 

proportional hazard models, are adopted (Wooldridge, 2002). Regarding the second 

issue, the data is censored, since some microcredit borrowers fail and therefore are not 

observed at the end of the period. With regard to the third issue ignoring heterogeneity 

results in asymptotic parameter underestimation (Cameron and Triverdi, 2005). Given 

these considerations, the following methodology is followed. First, the traditional Cox 

proportional hazard model for single-event data is adopted, assuming that the events are 
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likely to be independent. Second, the time hazard Weibull model is estimated for 

comparative purposes.  However, there may be some correlation among individuals and 

ignoring this dependence could yield erroneous variances estimates and possibly biased 

estimates (Box-Steffensmeier, Reiter and Zorn, 2003). Therefore, we finally estimate a 

heterogeneous Weibull non proportional hazard model.  

 

For the Cox model, the hazard is specified as: 

)exp()()|( 0 ikkikik XthXth      (1) 

where k denotes the event number, and i is the individual, )(th k0  is the baseline hazard 

and varies by event number, X is a vector of covariates which can be time dependent, 

and   is a vector of parameters. The parameters are estimated using partial likelihood 

given by: 
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where  is a censoring indicator equal to one if observed and zero if censored and Y is a 

risk indicator which is equal to one if the individual is at risk for the current event and 

zero otherwise and x are the covariates.  

 

We also consider  the Weibull model defined by: 
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where p is an ancillary shape parameter estimated from the data and the scale parameter 

is parametrized as exp(0). Both models are estimated using maximum likelihood. 
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Overdispersion is caused by misspecification or omitted covariates. Heterogenous 

(frailty) models attempt to measure this overdispersion by modelling it as resulting from 

a latent multiplicative effect on the hazard function, e.g. 

)exp()()()/(  t

jioiiiii xththth 
   (4)

 

where the dependent parameter, k  corresponds to the omitted covariate. 

 

5. Hypotheses 

Following the theoretical models that exist in this field (Townsend 2003; Armendariz de 

Aghion and Morduch 2000) the aim of the research is to evaluate the duration of 

financial contracts of microcredit borrowers. It is assumed that the duration can be 

explained by several factors. First, the geographical origin of the individuals who apply 

for microcredit. Second, other socio-demographic characteristics beyond nationality 

such as age, gender and education. Third, the location of the microcredit in the country, 

as some locations have larger markets to support a small business. Fourth, the banks 

that lend, distinguished by the internal norms of each bank. Fifth, the investment value 

(or amount of the credit), as higher values are more difficult to repay than small values. 

Sixth, the interest rate paid. Finally, the economic activity financed by the microcredit. 

These combined variables enable the definition of the following research assumptions 

or hypotheses. 

 

Hypothesis 1 (individual origin): the duration of microcredit funding projects is 

influenced by the geographical origin of the microcredit borrowers. Origins are a 

distinct relevant characteristic of an individual, as individuals of the same nationality 

share an homogenous cultural tradition. Geographical origins have been used in 

previous research with survival models (Menezes et al., 2008).  This hypothesis is tested 
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by considering the following geographical origins of the microcredit borrowers: Africa, 

Latin America, East Europe and West Europe, which are alternative to the most 

common, which is Portugal. 

 

The duration of microcredit funding projects may be influenced by socio-demographic 

characteristics such as education, age and gender of the borrower. Socio-economic 

characteristics have been used in microcredit research to identify individual 

characteristics (Nader 2008). Survival models equally use socio-economic 

characteristics as an identifier of the individual characteristics.  The next three 

hypothesis are related to socio-economic characteristics of the borrowers. 

 

Hypothesis 2 (education): the duration of microcredit funding projects is expected to be 

negatively determined by the education of the borrower, because knowledge related to 

education makes the borrower more aware of the importance of ending the funding 

contract.  

 

Hypothesis 3 (age): the duration of microcredit funding projects is expected to be 

negatively determined by the age of the borrower, because older borrowers have less 

time available to settle the contract.  

 

Hypothesis 4 (gender): the duration of microcredit funding projects is expected to be 

negatively determined by the gender of the borrower. 

 

Hypothesis 5 (location): the duration of microcredit funding projects may be influenced 

by the district location of the microcredit investor. The most common location is 
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Lisbon, so we test if alternative locations have an impact on duration. This hypothesis is 

tested by the dummy variables: Lisbon, Oporto, Aveiro, Evora, Faro, Leiria and 

Setubal. The country has 18 districts therefore we use a small amount of the most 

important districts in microcredit.  

 

Hypothesis 6 (the bank): the duration of microcredit funding projects is influenced by 

the bank that lends the money. This hypothesis has not been previously tested in the 

literature, although it is consensual that the different banks may have different loan 

policies. Most of the credits are lent by BCP, so we test if alternative banks have an 

impact on duration, by considering the following dummy variables: BCP, CGD. The 

reference bank is BES not used in the analysis. 

 

Hypothesis 7 (investment value): the duration of microcredit funding projects is 

positively determined by the investment value, as bigger values may take more time to 

reimburse than smaller values. This hypothesis is tested by the variable: investment 

value. 

 

Hypothesis 8 (interest rate): the duration of microcredit funding projects is positively 

determined by the interest rate implicit in the funding. 

 

Hypothesis 9 (activity): The duration of microcredit funding projects is influenced by 

the activity undertaken by the investor. The most common activity is “Commercial 

outlet”, so we test if alternative economic activities have an impact on duration. This 

hypothesis is tested by the dummy variables: handicraft, hairdresser, restaurant/coffee 

shop, technical service or fair trade. The reference activity are all others activities. 
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In order to test the hypotheses outlined above, we use survival models (Cox and Oakes 

1984; Allison 1984; Yamaguchi 1991; Hosmer and Lemeshow 1999; Kalbfleich and 

Prentice 2002; Cleeves, Gould and Gutierrez 2002). 

 

6. Data  

The data relates to the microcredit contracts celebrated in Portugal between 1998 and 

2008, under the auspices of the Portuguese association for microcredit (ANDC). The 

database contains information on a total of 1,090 microcredit contracts. Specifically, the 

information includes the individual characteristics of the borrower, namely country of 

origin, the socio-economic characteristics of the borrower and the location of the 

financed investment. The database also includes the name of the bank that funded the 

project, the amount of the investment and the average reimbursement value. From these 

1,090 contracts, 340 observations have been dropped because of missing observations 

leaving us with 750 observations. 

 

Table 6 presents the characteristics of the variables. 

 

INSERT TABLE 6 

 

 

 

 

7.  Results  

Table 7 presents the results of the analysis based on the duration models. Several 

duration models are presented for comparative purposes. The dependent variable is the 

duration of the microcredit funding contract (measured in days). The Cox model is the 
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semi-parametric survival model, while the Weibull model is the traditional survival 

model.  

 

INSERT TABLE 3 

 

 

The results are quite similar in their main findings in all three models, but the Weibull 

with heterogeneity (Weibull-Heterogeneity) is the chosen model, on the basis of the log 

likelihood statistics and the statistically significant Theta variable. Given the specific 

parameterisation, positive values of the parameters imply that the duration of 

microcredit loans increase with African and Western European origins of the borrowers, 

with the age of the borrower, with the location of the borrower in Aveiro district, with 

banks funding the microcredit investment, interest paid and with the activity on 

restaurant/coffee, commercial outlet and technical service. A negative value of the 

parameters implies that the duration of microcredit loans decreases. Furthermore, the 

variables have the same signs in different models. Based on the log-likelihood statistic 

and the statistically significant theta variable, the Weibull model with heterogeneity was 

chosen to derive the conclusion. The rationale for this decision is that heterogeneity 

represents characteristics that influence the duration of microcredit loan duration, but 

which are not measured or observed, and that there are no measurement errors in the 

variables. Unobserved heterogeneity has been a subject of concern and analysis (see 

Chesher, 1984 and Chesher and Santos-Silva, 2002). Heterogeneous behaviour is 

commonly observed in individuals; and not to take this into account is likely to lead to 

inconsistent parameter estimates or more importantly, inconsistent fitted durations. In 

the present study, this implies that different individuals can have different preferences 

relative to the duration of loans. The variance of unobserved individual specific 
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parameters induces correlation across the alternatives in the choice and therefore, 

survival models with heterogeneity are required.  

 

In this regard, the following variables affect positively the duration of Portuguese 

microcredit loans: Africa, West Europe, Age, Aveiro, CGD, BES, BCP, interest, 

Restaurant/coffee, Commercial outlet and technical service. These are intuitive 

covariates that explain the increase in loan duration with statistical significance, while 

Latin America, East Europe, Education, Gender, Lisbon, Oporto, Evora, Faro, Leiria, 

Setubal, investment, handcraft, hairdresser and fair seller influence negatively the 

duration. Some of these variables are not intuitive.  

 

8. Discussion 

The paper analyses the determinants of the microcredit loan duration in Portugal, using 

survival models. In relation to the hypotheses, taking into account the Weibull model 

with heterogeneity, the results allow us to accept the majority of the research 

assumptions.  

 

Hypothesis 1 is not accepted because the duration is positive relative to Africa and West 

Europe origin of the borrowers, but it is negative relative to Latin America and East 

Europe. With reference to Hypothesis 2, is also not accepted because education and 

gender decreases the duration, but age increases it. Hypothesis 3 is also not accepted 

because the duration decreases with all locations with exception of Aveiro, where it 

increases. Hypothesis 4 is accepted because all banks increase the duration of 

microcredit loan, but only BES is statistically significant. Hypothesis 6 is accepted 

because interest increases the duration. Finally, hypothesis 7 is rejected because the 
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activity has a mix relation with duration, with some activities increasing the duration 

(restaurant/coffee, commercial outlet and technical service) while others decrease the 

duration (handcraft, hairdresser and fair seller).  

 

The general significance of these results, taking as reference the Weibull with 

heterogeneity, is that they indicate that the microcredit loan duration increases with 

some covariates but decrease with others. Some of these are intuitive, but others are not.  

The intuitive results are those related to investment and interest paid, since higher 

investment and higher interest are more difficult to reimburse and pay, those related to 

socio-economic characteristics such as age, since older investors have a higher duration, 

while education and gender decreases it. The non intuitive results are those related to 

geographical origin, location and activity of the microcredit investors signifying that 

investors from more developed regions are better prepared diminishing the duration of 

the fund contract, and investors located in Aveiro tend to increase the duration and some 

activities increase the duration of the microcredit funding probably due to their lower 

profitability.  

 

There are several policy implications raised by this research. First, the microcredit 

association should support investors that have lower duration of their funding contracts, 

therefore supporting the activities that decrease the duration, as they are the most 

profitable activities. Moreover, they should investigate why in Aveiro there is a regional 

effect increasing the duration. Furthermore, they should be aware that age, education 

and gender are important covariates explaining the duration and observed characteristics 

of the microcredit candidates. Finally, they should be aware that the regional origin of 

the microcredit investors explains the duration. 
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9. Conclusion 

This paper has analysed the influences on the duration of microcredit loans in Portugal. 

Several duration models were presented for comparative purposes, a Cox proportional 

hazard model, the parametric Weibull model and a Weibull model with heterogeneity. 

The Weibull model with heterogeneity was chosen, based on the log likelihood 

statistics. It is concluded that the microcredit funding duration is positive related to 

some covariates but negative related to others. More investigation is needed to clarify 

the present research. 
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Table 1 

Micro firms created in Portugal, 1998 – 2008 

Business Percent 

Clothes (small shop) 12,2 % 

Food (small shop) 11,8 % 

Restaurant /Bar /Café 11,8 % 

Handcraft 

Building 

8,1 % 

4,7% 

Hairdressers 3,7% 

Sewing 2,9 % 

Other 44,8 % 

Total 100,0 % 

 

Table 2 

Micro firms per district, 1998 - 2008 

 

 Number Percent 

Aveiro 51 4,7 

Leiria 97 8,9 

Lisboa 399 36,6 

Porto 127 11,7 

Setúbal 87 8,0 

Evora 58 5,3 

Faro 63 5,8 

Other districts 208 19,0 

Total 1090 100,0 

 
 

Table 3 

Microloan amount – some statistics 

Year 

of approval Mean Mode Median 

Standard  

Deviation Minimum Maximum 

1999 3640 4988 4960 1563 1013 5042 

2000 3577 1017 4549 1606 1011 4988 

2001 4639 4985 4984 758 2034 5036 

2002 4417 4997 4997 969 1012 5000 

2003 4369 5058 4997 1055 1292 5181 

2004 4632 5058 5058 870 2122 5227 

2005 4563 5058 5058 918 1015 5266 

2006 4238 5000 5000 1129 1000 5228 

2007 5310 5000 5000 1385 1500 7500 

2008 5863 7000 7000 1621 1925 10000 
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Table 4 

Origin of micro entrepreneurs  

  Gender 

Total 

 

  Male Female Percent 

 Africa 41 58 99 9,1% 

Latin America 17 9 26 2,4% 

East Europe 8 4 12 1,1% 

West Europe 7 15 22 2,0% 

Portugal 438 489 927 85,0% 

Asia 4 0 4 0,4% 

Total 515 575 1090   

 

 

 

Table 5 

Processes approved by education and gender- 1998 - 2008 

  Male Female % of total number of 

micro entrepreneurs 

0 No education level 3 13 1,47 

1 Primary level of education  89 91 16,51 

2 Lower secondary level of education 94 97 17,52 

3 Upper secondary level of education 113 139 23,12 

4 Post-secondary, non-tertiary education 145 144 26,51 

5 First stage of tertiary education 71 91 14,86 

 TOTAL 515 575  
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Table 2 

Characterisation of the variables 

Variable Description Minimum Maximum Mean Std. dev 

Dur Duration of microcredit funding contract in 

days 
455 1581.7 1114.83 97.33 

 Origin     

Africa The investor is an immigrant from Africa 0 1 0.093 0.291 

Latin America The investor is an immigrant from Latin America 0 1 0.023 0.152 

East Europe The investor is an immigrant from East Europe 0 1 0.020 0.140 

West Europe The investor is an immigrant from West Europe 0 1 0.011 0.104 

 Socio-economic characteristics     

Education Academic qualifications  

(1-Middle School; 2-High School; 3-Bachelors; 4-

Masters; 5-Post graduate) 
0 5 3.012 1.352 

Age The age of the individual 17 72 38 10.22 

Gender  The gender of the individual (1- male, 0 – 

female) 
0 1 0.527 0.499 

 Location     

Lisbon The district of location is Lisbon 0 1 0.366 0.481 

Oporto The district of location is Oporto 0 1 0.116 0.320 

Aveiro The district of location is Aveiro 0 1 0.046 0.211 

Evora The district of location is Evora 0 1 0.030 0.171 

Faro The district of location is Faro 0 1 0.057 0.233 

Leiria The district of location is Leiria 0 1 0.088 0.284 

Setubal The district of location is Setubal 0 1 0.079 0.271 

 Bank     

CGD The bank is Caixa Geral de Depósitos 0 1 0.179 0.384 

BCP The bank is Banco Comercial Português 0 1 0.748 0.434 

 Investment     

Investment Investment value 2500 10000 4363 1912 

 Interest     

Interest Average interest rate 

0.024 0.058 

 

0.032 
 

0.027582 

 Activity     

Handicraft Economic activity is handicraft 0 1 0.042 0.201 

Hairdresser Economic activity is hairdresser shop 0 1 0.034 0.183 

Restaurant/café Economic activity is restaurant or café 0 1 0.079 0.271 

Commercial outlet Economic activity is a commercial activity 

excluding the above listed 
0 1 0.390 0.488 

Technical service Economic activity is a technical service 0 1 0.055 0.228 

Fair trade Economic activity is a fair trade 0 1 0.011 0.104 
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Table 3 

Results 

 
 Cox Model Weibull Model Weibull-Heterogeneity 

 Coef Std. error Coef Std. error Coef Std. error  

Intercept   7.086 0.046 7.086 0.499 

Africa 0.965 0.130 0.018 0.006 0.210 0.006 

Latin America -1.065 0.231 -0.015 0.009 -0.015 0.009 

East Europe -1.207 0.362 -0.001 0.010 -0.010 0.013 

West Europe 0.945 0.238 -0.013 0.013 0.001 0.010 

Education -1.051 0.032 -0.003 0.001 -0.001 0.0014 

Age 0.995 0.003 0.0005 0.0001 0.0004 0.0001 

Gender -0.968 0.742 -0.005 0.003 -0.007 0.0035 

Lisbon -0.988 0.103 -0.025 0.005 -0.027 0.005 

Oporto -0.862 0.122 -0.017 0.006 -0.022 0.006 

Aveiro 0.821 0.156 0.018 0.009 0.019 0.010 

Evora -1.309 0.270 -0.031 0.009 -0.025 0.009 

Faro -1.089 0.181 -0.032 0.007 -0.029 0.007 

Leiria -1.076 0.155 -0.029 0.006 -0.035 0.006 

Setubal -0.852 0.140 -0.018 0.007 -0.024 0.007 

CGD 0.995 1.043 0.023 0.045 0.034 0.045 

BCP 0.867 0.906 0.003 0.045 0.002 0.045 

Investment 0.999 0.000 0.0001 0.0001 0.001 0.00001 

Interest rate 0.02 0.003 0.08 0.0002 0.01 0.00003 

Handicraft -1.087 0.209 -0.007 0.008 -0.011 0.0081 

Hairdresser -1.09 0.223 -0.009 0.008 -0.004 0.009 

Restaurant/coffee 0.973 0.137 -0.005 0.006 0.0025 0.003 

Commercial outlet 1.038 0.088 0.0023 0.0038 0.0023 0.003 

Technical service 0.968 0.172 0.0445 0.008 0.054 0.009 

Fair trade -1.263 0.450 -0.0199 0.015 -0.019 0.015 

Sigma   23.063  23.041  
Theta     1.577  

Log of  the Likelihood -4544.42  -4844.52  -5321.1  
Nobs 750  750  750  

Notes:  All models were estimated using Stata 10. 

 

 
 


